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Abstract  

 
This paper proposes a model of information aesthetics 

in the context of information visualization. It addresses the 
need to acknowledge a recently emerging number of 
visualization projects that combine information 
visualization techniques with principles of creative design. 
The proposed model contributes to a better understanding 
of information aesthetics as a potentially independent 
research field within visualization that specifically focuses 
on the experience of aesthetics, dataset interpretation and 
interaction. The proposed model is based on analysing 
existing visualization techniques by their interpretative 
intent and data mapping inspiration. It reveals 
information aesthetics as the conceptual link between 
information visualization and visualization art, and 
includes the fields of social and ambient visualization. 
This model is unique in its focus on aesthetics as the 
artistic influence on the technical implementation and 
intended purpose of a visualization technique, rather than 
subjective aesthetic judgments of the visualization 
outcome. This research provides a framework for 
understanding aesthetics in visualization, and allows for 
new design guidelines and reviewing criteria. 
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1. Introduction 

Information visualization has recently emerged as an 
independent research field which aims to amplify 
cognition by developing effective visual metaphors for 
mapping abstract data [1]. The design of such effective 
data representations are generally supported by insights 
from visual cognition and perception research [2], as well 
as taxonomies which match data types to the most 
effective mapping technique [3, 4]. Some researchers have 
suggested that information visualization may be further 
augmented by engaging in an interdisciplinary discourse 
with design and art communities, or vice versa, and have 
proposed that artistic expression can be effectively 
supported by better understanding existing information 
visualization techniques [5-7]. Driven by a parallel stream 
of independent designers and artists, an increasing number 
of such visualization art (or data art) works have emerged 
that aim to express the subjective experience of our 

information society by artistically motivated but data-
driven visual forms [8].  

However, such works have not yet been readily 
acknowledged in either the art or visualization community. 
While information visualization predominantly focuses on 
effectiveness and functional considerations, it may be 
neglecting the potentially positive influence of aesthetics 
on task-oriented measures. Conversely, the reflection of 
artistic intent in visualization art often disregards 
functionality, making some works unintentionally 
incomprehensible. We propose that information aesthetics 
bridges this apparent gap between functional and artistic 
intent by focusing on aesthetics as an independent medium 
that augments information value and task functionality. 

Aesthetics has been identified as one of the key 
problems yet to be solved in current information 
visualization research [9]. Accordingly, this paper 
proposes a conceptual model of information aesthetics in 
an aim to better understand its core characteristics, as well 
as its commonalities and differences with the fields of 
information visualization and visualization art. By better 
appreciating its intentions and employed techniques, this 
research aims to describe how data can be represented in 
insightful and appealing ways. 

2. Background 

2.1. Aesthetics & Information Aesthetics 

Aesthetics has already been discussed as a key factor 
in several subfields of information visualization. This is 

evaluating aesthetics. It aims to systematically identify 
how people’s multiple senses work together to form 
aesthetic judgements to assess the potential success of 
products in the marketplace [12]. Research in aesthetics is 
also a focus in the fields of affective computing [13] and 
user experience research [14, 15], which aim to develop 
computational interfaces that react to or provoke human 
emotions. 



 

3. Model of Information Aesthetics 

3.1. Domain Model 

The unique characteristics of information aesthetics 
and its relationships with related fields are mapped in 
Figure 2. Each field is defined according to three factors: 
data, aesthetics, and interaction. Information 
visualization, for instance, is located on the bottom edge, 
as it focuses on representing data using interactive 
methods with little concern for aesthetics. 

 
Figure 2. Domain model for information aesthetics. 

The model shows information aesthetics’ focus on the 
three issues of: representing abstract data, providing an 
interactive interface, and using visual appeal to engage the 
user. Extending the two visualization-related sides of the 
model, information aesthetics adopts more interactive 
methods than visualization art and places more emphasis 
on visual style and experience than information 
visualization. In this way, it is proposed that information 
aesthetic visualization employs techniques from, and is 
directly related to, both information visualization and 
visualization art. In its aim to realise the collective purpose 
of these two fields, an expanded model is required to 
describe its influencing factors.  

3.2. Information Aesthetics Model 

The proposed model of information aesthetics is 
defined by two characteristics which highlight the 
relationship between what a visualization facilitates and 
the means by which it achieves this. In other words, 
information aesthetics is analysed from an information 
visualization perspective, in terms of functionality and 
effectiveness, and from visualization art, in terms of 
artistic influence and meaningfulness. Two factors define 
the model: data focus and mapping technique (Figure 3). 
Mapping technique is determined through observations 
made in terms of what methods of representation have 
been used to map the data into visual form. Data focus is 
determined by observing how the visualisation facilitates 

knowledge acquisition. This model is based on objective 
observations rather than an examination of creators’ 
intentions, as we have found that textual descriptions of a 
visualization’s intentions do not always match the final 
outcomes, as its purpose is not always fully realised. 

 

Figure 3. Mapping technique and data focus. 

Forty-seven existing applications which visually 
represent abstract data have been analysed and were 
placed on a model (see Figure 4), after which the resulting 
configuration was considered. One should note that the 
respective data focus and mapping technique of these 
techniques are mapped to the model proportionally. That 
is, the extremes represent a complete focus on the factor, 
whilst techniques possessing characteristics of both ends 
of the extreme are located in the centre. 

 
Figure 4. Model of information aesthetics. 

3.2.1. Mapping Technique: Direct vs Interpretive. 
Mapping technique is a concept which describes the 
methods employed by a visualization creator to represent 
an abstract dataset. It is the process of translating data 
values to a visual representation. The focus on direct 
mapping is generally driven by standards learnt from 
visual cognition research, including Gestalt rules and 
perception psychology [2], and guidelines which 
determine which representations are most ideal depending 
on data type [4]. The use of more systematic mapping 
techniques is prevalent in visualization which focuses on 
direct representations. However, this model does not 
define direct mapping as a one-to-one correlation between 
data and representation as created by a computational 
algorithm. Rather, visualization techniques which employ 
direct mapping are inversible. That is, a user is able to 
infer underlying data values from the visual representation. 



 

On the other hand, mappings which involve subjective 
decisions and stylistic influences are highly interpretive. 
The visualization design may be stylised, adopted from 
cross-disciplinary inspirations. Such more subjective 
mapping techniques can be characterised in their inability 
to be inversed. That is, users perceiving the visualization 
have more difficulty in comprehending underlying data 
values or patterns.  
 
3.2.3. Data Focus: Intrinsic vs Extrinsic. Data focus is a 
concept which defines a visualization’s ability to facilitate 
the communication of information, and the type of 
information disseminated. Here, data focus is considered 
as a reflection of what the visualization allows users to 
accomplish rather than what the creator intended for the 
visualization to achieve. Visualization techniques with 
intrinsic data focus aim to facilitate insight into data by 
employing cognitively effective visual mapping. This 
intrinsic focus can be seen as synonymous with functional 
‘tools’ [17] which aim to support user tasks and 
disseminate information. These techniques allow users to 
discover useful patterns in data, such as outliers, trends, 
and clusters. 

In contrast, those with extrinsic data focus facilitate the 
communication of meaning that is related to or underlies 
the dataset. These extrinsically-focused techniques are 
aimed towards visualization which are able to be 
appreciated and interpreted, and to invoke personal 
reflection. The creation of ‘art’ [17] is often synonymous 
with a focus on extrinsic data meaning. Such visualization 
techniques allow high-level goals to be fulfilled, such as 
understanding underlying meaning in the context of social 
and cultural issues. 
 
3.2.3. Other Factors. The following factors have not been 
explicitly mapped to the proposed model, but are relevant 
in their analysis of existing techniques.  

Interaction allows the user to explore the dataset by 
dynamically manipulating the mapping metaphor, through 
actions such as filtering or zooming. The ability to 
aggregate, summarise, and cluster the data allows users to 
gain a better understanding of the patterns hidden inside 
dataset. The predefined choice of what to represent and 
how to represent thus determines how users build up 
different perspectives to test their assumptions. In general, 
information visualization techniques with an intrinsic 
focus thus contain interactive features. Those techniques 
which aim for extrinsic meaning often explicitly limit 
interactivity, ensuring the communication of the creator’s 
predefined perspective rather than fundamentally 
unpredictable user interpretations of the data.  

Platforms utilised in the creation of visualization often 
reflect the data and mapping focus. In general, those which 
emphasise data patterns and direct mapping are task-
oriented, and therefore utilise familiar, generic user 
interface elements and interaction metaphors. In contrast, 
information aesthetic techniques tend to be developed 
using designer-targeted software, such as Processing and 
Macromedia Flash, affording greater creative and stylistic 
flexibility in mapping and interaction. Visualization art is 

often created using alternative media, providing creators 
with the creative freedom to explore highly interpretive 
mappings and communicate multiple, potentially 
ambiguous meanings. 

Dataset Attributes such as size, data type and time-
dependency vary widely, and have not been included in 
the proposed model. Similarly, the degree of data 
aggregation in the resulting visualization has not been 
correlated. However, the model demonstrates how the 
nature of the dataset often determines an information 
aesthetic approach. For instance, techniques with an 
extrinsic focus often represent datasets that can be 
understood by non-experts, such as social data, and 
datasets which are reflective of the state of society, such as 
news headlines or speeches. Such techniques often provide 
insights into underlying meanings that are related to the 
dataset, proposing new perspectives on culture and society 
as a whole instead of highlighting or explaining data 
patterns or tendencies. 

4. Model Analysis 

The proposed model demonstrates that mapping 
technique and data focus are qualitatively correlated, i.e. 
the choice of mapping technique generally determines the 
resulting data focus (and vice versa). That is, visualization 
techniques that are based on direct mapping often focus on 
intrinsic patterns, whilst interpretive mapping highlights 
extrinsic data meaning. Closer analysis shows these two 
extremes can be identified as the fields of information 
visualization and visualization art, respectively, although a 
wide spectrum of other visualization techniques fall 
between them (see Figure 5). We propose that it is this 
field that can be identified as ‘information aesthetics’, 
which includes the subfields of social visualization, 
ambient visualization and informative art. 

 
Figure 5. Categories within the model of information 

aesthetics. 



 

4.1. Information Visualization 

Information visualization mapping techniques draw 
from visual cognition research in order to maximise the 
effectiveness and efficiency of the user’s ability to detect 
data patterns [2, 4]. However, techniques which target 
non-expert or general users tend to employ more 
interpretive mapping. Visual appeal is treated as a means 
of attracting and maintaining user engagement so that the 
visualization – often a commercial tool – increases in 
popularity. On the other hand, there are some techniques 
which place a slightly greater focus extrinsic meaning. 
These techniques are often specific to a dataset and while 
remaining highly effective, provide the interactivity and 
flexibility which enables higher-level interpretation. 

4.2. Visualization Art 

Visualization art techniques often tend to employ 
ambiguous and interpretive mapping methods in order to 
facilitate the expression of some underlying message 
extrinsic to the data, by engaging the user and provoking 
personal reflection [23]. Their data mappings are also 
often highly arbitrary or subjective, and not linked to 
effective visual perception guidelines as in information 
visualization. Instead, visualization art focuses on novel 
techniques for mapping data, or appropriating existing 
methods, but mostly with the aim to provoke open 
interpretation, facilitating the expression of meaning 
underlying the data rather than the presentation of patterns. 
Some visualization art techniques employ novel data 
metaphors in order to elicit curiosity and personal 
engagement. Other techniques re-contextualise existing 
data mapping methods taken from information 
visualization to question its ‘scientific’ credibility and 
power to sway human opinions and attitudes. 

4.3. Information Aesthetic Visualization 

Information aesthetic visualization techniques facilitate 
both intrinsic insight into patterns and extrinsic meaning 
underlying the data. Its mapping techniques are generally 
direct and accurate, similar to those in information 
visualization, but stylistic and artistic, as in visualization 
art. This means that information aesthetic works can 
exploit typical visualization techniques for alternative 
purposes than they were intended for. While such 
approaches might map data directly, it is not the primary 
intent of the works to augment understanding of the 
dataset. Its outcome might closely resemble typical 
information visualization techniques, in an effort to 
increase the credibility of the resulting visual artefact, or to 
allow users to investigate message-enforcing data patterns. 
However, by including aesthetic aspects, it reaches beyond 
simple data pattern detection, often conveying a more 
subjective, deeper meaning about what the data, and 
therefore the visualization itself, represents. 

Ambient Visualization & Informative Art aim to 
inform viewers of data patterns through visually engaging 
displays. Although such approaches are often inspired by 

art [10], they are limited to conveying only meaning 
embedded within the dataset itself. By obscuring data 
mappings behind aesthetic means they intend to entice 
interest over longer periods of time, but do not focus on 
the conceptual perspective to reach beyond communicate 
patterns within data.  

Social Visualization employs direct mapping 
techniques augmented by artistic styles, to engage, and 
promote exploration and interpretation. Users interacting 
with social visualizations tend to interpret intrinsic data 
patterns as a reflection of their personality and history. 
While their technique might be inspired by information 
visualization, their intent towards extrinsic concepts 
resembles that of art. 

4.4. Implications 

Information visualization, information aesthetics, and 
visualization art form a continuum between direct 
mapping with intrinsic focus, and interpretive mapping 
with extrinsic focus. Although the model reveals a 
relationship between mapping technique and data focus, 
one should note that the two factors do not always 
correlate exclusively with each other. For instance, fields 
which do not fall directly in the continuum include social 
visualization, informative art, and ambient visualization. 
These are distinct fields that are nevertheless part of and 
most probably formed the foundation for the information 
aesthetic movement. 

This model shows that information aesthetics reaches 
beyond the combination of information visualization and 
visualization art. It is based on both intrinsic and extrinsic 
data meaning, and the use of artistically-enhanced but 
effective mapping techniques. Thus, aesthetics, considers 
the context in which the data should be interpreted, rather 
than the subjective judgment. Often, information aesthetic 
works use visualization techniques to convey patterns, but 
leaving their interpretation open to the user. Aesthetics is 
then used as a means of appealing to users that may have 
never considered visualization before, in order to attract 
attention, encourage personal involvement, and allow for 
more profound, long-term impressions. 

The proposed model can be used by visualization 
designers from different fields to ascertain which 
technique is best for a particular visualization purpose. For 
instance, a visualization aimed at communicating the 
effects of global climate change (i.e. extrinsic focus) may 
adopt highly interpretive mapping techniques with little 
concern for the effective representation of the complex 
data involved, thereby demonstrating the power of 
visualization for mostly propaganda purposes. However, 
the misuse of such approaches may endanger the 
trustworthiness of the visualization field as a whole, but at 
the same time demonstrates new potential avenues in 
visualization research. By considering cross-disciplinary 
influences, information visualization can allow for high-
level interpretations of ever-more complex datasets.   



 

5. Discussion & Conclusion 

This paper has identified information aesthetics as a 
visualization field which closely merges aspects of 
aesthetics, data and interaction. Accordingly, the proposed 
model investigated the influence of data focus and 
mapping technique on a large collection of existing 
abstract visualization techniques. Information aesthetics 
forms a cross-disciplinary link between information 
visualization and visualization art. It adopts more 
interpretive mapping techniques to augment information 
visualization with extrinsic meaning, or considers 
functional aspects in visualization art to more effectively 
convey meanings underlying datasets. 

The model is unique in its focus on aesthetics as the 
degree of artistic influence on the mapping technique of a 
specific visualization, and the aesthetic engagement it 
affords, as opposed to aesthetics as a measure of subjective 
appeal. More specifically, our model analyses the intent 
(i.e. meaning) of a specific technique, and the mechanics 
(i.e. data mapping) that it uses to accomplish this. More 
detailed user studies to assess the influence of these two 
subjective qualities form future work. 

This paper demonstrates how information aesthetics 
can be interpreted beyond the simple notion of subjective 
appeal, and that different degrees of information aesthetic 
quality exist. The proposed model creates an opportunity 
for a cross-disciplinary community of researchers and 
artists to develop design guidelines and more accurate 
reviewing criteria for information aesthetics, and provides 
an initial framework for understanding aesthetics in 
information visualization. 
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